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Abstract Advancement of Mobile Money (MoMo)
promotes inclusive finance for economic development in
developing countries. Although mobile devices have wide
coverage in developing countries like Uganda, the MoMo
adoption rate is not aligned. Improving the MoMo adoption
frequency may reduce inequality, poverty, and hunger, and
enable innovations in low-income countries. Thus, the
study examines the antecedent factors of MoMo adoption
in Uganda, using a modified UTAUT2 model. Quantitative
data was collected from 302 MoMo users (MTN and
Airtel), and a systematic sampling technique was applied.
The structural equation model was used for analysis.
Findings indicate that perceived convenience, perceived
credibility, price, effort expectancy, facilitating conditions,
and performance expectancy impact MoMo adoption,
while hedonic motivation was insignificant. These findings
provide valuable insights for financial institutions, telecom
firms, and central banks on the factors that drive MoMo
adoption and can help enhance customer satisfaction and
referral base while promoting sustainable financial
inclusion through 1) provision of customised mobile
applications that require less effort, 2) regular system
maintenance by telecom companies to ensure
uninterrupted mobile money performance, 3) promoting
group saving schemes with mobile money to encourage
more people to adopt and use it, 4) pricing strategies being
equitable and transparent, 5) government agencies like the

Uganda Communication Commission (UCC) advertising
credible telecom companies, 6) telecom companies and
financial institutions supporting mobile money agents with
uninterrupted liquidity to serve rural communities. The
study contributes to digital finance literature and provides
practical insights for the future.

Keywords Mobile Money, Mobile Money Adoption,
UTAUT2 Model, Uganda

1. Introduction

Technological advancements in financial activities
worldwide have led to increased adoption of mobile money
(MoMo) services for payments and transfers via phones [1].
Mobile devices have enabled MoMo to reach unbanked
and underserved populations at any time and location [2].
With interoperability in the MoMo sector, users can now
conduct transactions with wider coverage, such as paying
bills. Conventional banking institutions have also
integrated MoMo into their operations to increase their
impact. According to Statista [3], the number of MoMo
users reached 401 million in 2022, with 218 million being
African users, largely due to the success of M-Pesa in
Kenya. The World Bank reports that two-thirds of
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individuals worldwide conduct digital transactions, a 22%
increase from 2014 to 2021 [4]. MoMo has played a
significant role in promoting inclusive finance in African
nations.

The adoption of MoMo has been shown to improve
customers' access to financial products and services by
12-14 percent [5], indicating that MoMo is a valuable tool
for managing financial demands. Additionally, MoMo
allows for convenient digital financial transactions from
any location, generating tax income for promoting nations
[2]. Integrating MoMo holistically into traditional financial
services could efficiently decrease transaction costs [6],
providing underprivileged groups with opportunities to
access financial services like credit and saving programs,
ultimately improving their standard of living. Furthermore,
the development of MoMo has created job opportunities in
the market.

MoMo was introduced in Uganda in 2009, following its
launch in Tanzania in 2008 and Kenya in 2007. Recent data
from the Bank of Uganda [7] reveals a remarkable surge in
MoMo transactions between 2020 and June 2023. During
this period, MoMo transactions increased from 352 million
to 500 million, with a value rise from 10 billion to 18
billion. Furthermore, the number of registered customers
increased from 30 million to 42 million, while the number
of agents rose from 263,698 to 626,662. These figures
indicate the rapid expansion of Uganda's MoMo market.
However, despite starting at a similar time as its East
African Community counterparts, Tanzania and Kenya,
Uganda's adoption rate of MoMo has been slower [8]. To
close this gap, Uganda's government, financial institutions,
and telecom companies are all interested in exploring ways
to accelerate the adoption rate. The disparity can be
attributed to customers' perceived credibility and
convenience when using MoMo. To investigate the factors
that could contribute to an increase in MoMo adoption in
Uganda, this study modifies the Unified Theory of
Acceptance and Use of Technology (UTAUT2) model
with customers' perceived credibility and convenience.
This research aims to advance knowledge in the field of
MoMo.

Although previous research on MoMo adoption in
Uganda has been conducted [8,9,10], none of these studies
have specifically analysed the perceived credibility and
convenience as an extension of UTUAT2 to provide deeper
insights into MoMo adoption in a low-income country like
Uganda. Kim and Song [11] and Hassan et al. [2] assert
that adopting new technology can be enhanced when
consumers perceive the service provider as credible and
convenient. Developing countries like Uganda have low
skills and knowledge of advanced technology, limited
policies and regulations, and unreliable network
infrastructures, making perceived credibility and
convenience important to customers [4].

Therefore, this study uses a modified UTAUT2 model to
investigate this question. Venkatesh et al. [12] argued that

the UTAUT2 model has a 70% explanatory power
regarding technology adoption, acceptability, and usage.
This study aims to provide financial institutions, telecom
firms, and central banks with a better understanding of the
factors that may increase customer adoption of MoMo.
Furthermore, the findings of this study may not only assist
central banks in designing policies for sustainable financial
inclusion but also help telecom firms and commercial
banks improve their customer satisfaction and referral
base.

2. Literature Review

2.1. Mobile Money

Mobile money provides an affordable approach to the
unbanked and underserved individuals in developing
countries. According to Avom et al. [5] and Kelly and
Palaniappan [1], MoMo allows customers to conduct
financial transactions, including sending and receiving
money anytime and anywhere. A study by Hassan [1] on
informal business performance and adoption in Zambia
found that MoMo significantly impacts informal
businesses' performance. These findings are consistent
with research on MoMo and entrepreneurship in East
Africa, revealing a 24.4% increase in entrepreneurship
[8,13]. Additionally, financial services and company
productivity in Africa require integrating MoMo into
conventional financial services to enhance productivity
and access to banking services. MoMo supplements
financial services channels, rather than a replacement
[14,15,16]. With MoMo, users can effortlessly save,
transfer funds, and withdraw money at an affordable rate,
anytime and anywhere. Furthermore, Asongu and Le
Roux’s [17] study on MoMo and women's unemployment
in sub-Saharan Africa demonstrated that marginalised
groups, like women, can use MoMo to improve
employment opportunities. Thus, understanding the factors
that impact MoMo in developing countries like Uganda is
necessary to increase financial inclusion and sustainable
development.

2.2. UTAUT2 (Unified Theory of Acceptance and Use of
Technology)

UTAUT was introduced to improve technology
adoption [18]. It was then extended to provide a
comprehensive consumer perspective [12]. Previous
studies have utilised UTAUT2 to explore the factors that
impact technology adoption. For example, Khashan et al.
[19] used UTUAT?2 to investigate the factors that affect
retail buyers' willingness to use augmented reality apps in
Egypt. Similarly, Al-Adwan and Al-Debei [20] used the
model to examine Metaverse acceptance in higher
academic institutions. Hanif et al. [21] and Gupta et al. [22]
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used UTAUT2 to understand customers' behavioural
intentions.

Furthermore, previous studies have modified the
UTAUT2 model to include factors like structural
soundness [9], trust [23], personal innovativeness [20,21],
and security concerns [10]. However, there is no evidence
in previous studies extending the UTUAT2 model to
include perceived convenience and credibility despite the
confidence such factors can offer to individuals with a low
understanding of new technology to adopt MoMo.
Perceived convenience refers to the ease with which
customers can access, transact, and obtain services and
products [15,23]. Perceived credibility refers to the
reliability, and authenticity of MoMo providers in
delivering financial services [2,11]. Thus, we argue that
customers in developing countries like Uganda are deterred
from adopting MoMo due to limited convenience and
credibility. Therefore, including perceived convenience
and credibility in the model improves the predictive ability
of the determining factors.

2.3. Hypothesis Development

2.3.1. Effort Expectancy (EE)

According to recent research, the ease with which a task
can be completed within a given time frame, known as
effort expectation, plays a significant role in consumer
behaviour towards new technologies. Gupta et al. [22]
study on mobile payments in India found that effort
expectancy had a predictive effect on customer adoption of
new MoMo applications. Similarly, Qatawneh et al. [23]
investigated mobile banking uptake and found that effort
expectancy significantly influenced consumer intentions.
These findings align with Al-Adwan and Al-Debei's [20]
study, which also showed effort expectancy as a critical
factor in technology adoption. On the other hand,
Nikolopoulou et al. [25] findings indicated that effort
expectancy had an insignificant impact on behavioural
intentions. Based on the effort expectancy discussion, we
hypothesise that:

H1: Effort expectancy impacts MoMo adoption in
Uganda.

2.3.2. Performance Expectancy (PE)

The concept of performance expectancy suggests that
technological innovations for customers should result in
improved outcomes [12]. For instance, the MoMo app is
anticipated to enhance financial inclusion. Khashan et al.
[19] conducted a study on the factors influencing retail
consumers' behavioural intention to adopt new applications
and found that performance expectancy had a significantly
positive effect. However, Ayaz and Yanartas [26] findings
showed performance expectancy to have an insignificant
impact on behavioural intentions. Nonetheless, Gupta et al.
[22] study on consumer acceptance of mobile payments in
India, revealed performance expectancy as a powerful

predictor of a customer's intention to adopt a new MoMo
application. These findings align with those of Al-Adwan
and Al-Debei [20] on technology adoption. Based on these
discussions, we propose a Hypothesis:

H2: Performance expectancy impacts MoMo adoption
in Uganda.

2.3.3. Price (P)

According to Venkatesh et al. [12], price refers to the
amount customers pay to obtain or use innovative
technology that benefits them. If the benefits of a new
technology outweigh the costs, customers are likely to have
positive intentions towards it. Previous research by
Qatawneh et al. [23] investigated the adoption of mobile
banking and found that pricing significantly and positively
impacts customers' intentions. This aligns with recent
findings by Al-Adwan and Al-Debei [20], who indicated
that price strongly influences behavioural intentions.
However, Nikolopoulou et al. [25] found price value
insignificant on behavioural intentions. Considering the
general discussion, the study hypothesis that:

H3: Price impacts MoMo adoption in Uganda.

2.3.4. Facilitating Conditions (FC)

Technological infrastructure serves as the foundation for
innovative applications, according to Venkatesh et al. [12].
A well-functioning infrastructure can greatly contribute to
the success of a technology application. For MoMo
adoption, crucial enabling factors include mobile phone
accessibility, 24/7 toll-free systems, and financial literacy
programs that enhance knowledge and skills among the
population. Hanif et al. [21] study on mobile shopping
behavioural intention among young Pakistani consumers
found that facilitating conditions influence customers'
intent to adopt MoMo. Furthermore, Khashan et al.'s [19]
research on the factors that affect shoppers' behavioural
intention to adopt new applications among retail
consumers revealed that facilitating conditions affected
customers' behavioural intention. However, few studies
[27] found facilitating conditions to have an insignificant
effect on behavioural intention. Against such a backdrop,
we hypothesise that:

H4: Facilitating conditions impact MoMo adoption in
Uganda.

2.3.5. Social Influence (SI)

Social influence is customer behaviour driven by the
expectations of social groups [12]. This can include family,
colleagues, friends, and other social circles. People may
adjust their views on a particular product or service based
on the influence they receive from those around them [18].
Malinga and Maiga [10] found that social influence played
a significant role in customers' decision to adopt MoMo.
Khashan et al. [19] showed that it also affected shoppers'
intention to adopt new applications among retail
consumers. However, a few studies found social influence
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insignificant on behavioural intentions [27]. As a result, we
can hypothesise that:

H5: Social influence impacts MoMo adoption in
Uganda.

2.3.6. Hedonic Motivation (HM)

Hedonic motivation refers to the pleasure and enjoyment
of using new technologies [12]. When digital platforms are
perceived as exciting and pleasurable, customers are more
likely to adopt them [24]. Al-Adwan and Al-Debei [20]
found that hedonic motivation significantly increased
customers' intentions to adopt new technology which
aligns with Gupta et al. [22] study on consumer acceptance
of mobile payments in India. The study revealed that
hedonic motivation positively predicted customers'
intentional behaviour to adopt the MoMo application.
Although Handoko [28] study on technological adoption
among entrepreneur students indicated hedonic motivation
as insignificant to behavioural intentions, we hypothesise
that:

H6: Hedonic motivation impacts MoMo adoption in
Uganda.

2.3.7. Perceived Credibility (PC)

Perceived credibility is the level of trust a potential user
has in a service as secure, private, and free from threats [2].
When customers perceive a service provider of new
technology as authentic, their willingness to adopt the
technology increases. Kim and Song [11] examined the
impact of perceived credibility on purchase intentions in
the restaurant industry and found that perceived credibility
influences a customer's intention to dine. These findings
align with Hassan et al. [2] study on the determinants of
Islamic mobile fintech acceptance found that perceived
credibility had a significant impact on customers'
willingness to adopt new technology. Therefore, the study
hypothesises that:

H7: Perceived credibility impacts MoMo adoption in
Uganda.

2.3.8. Perceived Convenience (PCO)

Previous studies [29,30] have shown that customers
perceive  convenience as  time-saving,  mobile,
effortlessness, and cost-effectiveness when using a
technology platform. Customers can access and use new
technologies, and their intention to adopt them increases. A
previous study by Shankar and Rishi [24] on online
convenience found that convenience significantly impacts
technology adoption. Furthermore, recent studies [30,31]
on online convenience and future behavioural intentions
found that convenience strongly influences the adoption of
new products and services. However, Tomasi and
llankadhir [15] revealed that search and evaluation
convenience had an insignificant impact on behavioural

intention. Nevertheless, based on the general discussion,
we hypothesise that:

H8: Perceived convenience impacts MoMo adoption in
Uganda.

3. Methodology

The primary objective of the research was to identify the
key factors that impact the adoption of MoMo in Uganda.
A modified UTAUT2 model was employed, and
guantitative data was collected based on the constructs.
The study concentrated on the consumers of MTN and
Airtel, the two major MoMo service providers in Uganda.

The cross-sectional research design was used to explore
the relationship between the independent factors and
Mobile money adoption in Uganda. This enables sufficient
data collection at a single time, which is convenient and
appropriate [32]. Furthermore, a systematic sampling
technique was used to gather data from Mbale, Sironko,
and Kumi districts. This approach creates precise estimates
[33]. Additionally, systematic sampling helps to prevent
institutional and family effects [29]. Since individuals did
not understand Google Forms, a paper questionnaire was
distributed to every third customer who visited the MoMo
agents, and the data collection exercise lasted for three
months. The study employed a valid 302 respondents, ten
times larger for each indicator (Table 1).

The study's measurement items were drawn from
previous studies on technology adoption, with some
modifications to align with the study's purpose. That is to
say, performance expectancy [2,12], effort expectancy
[2,12], social influence [2], facilitating conditions [2], price
[2], perceived credibility [2], hedonic motivation [21],
perceived convenience, and MoMo adoption [9,29,30]. A
five-point Likert scale was used to measure responses,
ranging from strongly agree (5) to (1) strongly disagree.
Table 2 shows the summary of the questionnaire items.

To ensure validity, the instrument was reviewed by
experts, including an academic scholar specialising in
financial behaviour with an interest in MoMo and two
experienced MoMo managers. Their suggestions and
comments were considered. The changes were made to
ensure that the scale was appropriate. Moreover, for
validity and reliability, the study used IBM SPSS to
determine factor loadings, Cronbach alpha, composite
reliability, and the average variances explained [34].

The study utilised Amos 23 structural equation modeling
to assess the measurement and structural models. This
approach is renowned for its ease of use and exceptional
predictive capabilities [32]. The structural model is
primarily employed for construct path analysis, while the
measurement model evaluates the reliability and validity of
the constructs themselves [35].
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Table 1. Demographic profile

Category Frequency Percentage
Gender: Female (F) 188 62.3
Male(M) 114 37.7
Age: 20-30 years 63 20.9
30-40 years 74 245
40-50 years 54 17.9
50-60 years 73 24.2
60 years and above 38 12.6
Education: Primary 33 10.9
Secondary 128 42.4
Tertiary 96 31.8
University 45 14.9
Experience: Less than 5 years 70 23.2
5-10 years 76 25.2
10-15 years 73 24.2
15-20 years 39 12.9
20 years and above 44 14.6

Table 2. Questionnaire items

Variable

Item

Reference

Effort Expectancy

Performance Expectancy

Price

Facilitating Conditions

Social Influence

Hedonic Motivation

Perceived Credibility

Perceived Convenience

MoMo Adoption

EE1: The MoMo platform is easy to use

EE2: My communication with MoMo is clear

EE3: It's easy to become skilled at MoMo

EE4: MoMo apps are adaptable for interaction

PE1: MoMo helps me do transactions quickly

PE2: MoMo increases my efficiency

PE3: MoMo makes it easy to make transactions

PE4: MoMo improves overall transaction performance

P1:
P2:
P3:

P1:
P2:
P3:

P1:

P2

P1:
P2:
P3:

P1:
P2:
P3:

P1:
P2:
P3:

P1:
P2:
P3:

MoMo price is reasonable
MoMo has better value than money
MoMo is worth more than its cost

I have adequate knowledge to use MoMo
I can get help from MoMo call centres
I have enough experience to use MoMo

People who are valuable to me expect me to use MoMo
: My close relationship thinks | should use MoMo
P3:

MoMo strengthens social network

MoMo apps are pleasant

I enjoy using MoMo

It’s fun to use MoMo

MoMo is dependable

MoMo providers are trustworthy
MoMo is reliable

MoMo is easily accessible
it’s to perform a transaction with MoMo
MoMo services can be possessed conveniently

I will use MoMo in the short run
| would use MoMo in the middle term
| plan to continue using MoMo

Bangazi and Lau., 2017, Hassan et al., 2023

Venkatesh et al., 2012, Hassan et al., 2023

Hassan et al., 2023

Hassan et al., 2023

Hassan et al., 2023

Hanif et al., 2022

Hassan et al., 2023

Shankar and Rishi., 2020

Bangazi and Lau., 2017, Jebarajakirthy and

Shankar, 2021

17
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4. Results

4.1. Measurement Model Analysis

Confirmatory factor analysis was conducted using
AMOS 23, with measurement models including effort
expectancy, performance expectancy, price, facilitating
conditions, social influence, hedonic motivation, perceived
credibility, perceived convenience, and MoMo adoption.
The results, as shown in Table 3, indicate acceptable factor
loadings of >0.7, with CMIN/DF (1.673) <3, NFI, CFl, and
TLI fit indexes >0.900, and RMSEA (0.058) <0.08.
Consistent with the recommended guidelines for scale
reliability [35]. Additionally, construct Cronbach’s alpha
and composite reliability values exceeded 0.7, suggesting
significant reliability [34]. Table 4 results also
demonstrated Average Variance Extracted values >0.7,
which meets the recommended guidelines for convergent
validity [32,35]. Furthermore, Table 5 results revealed that
the square root of the Average Variance extracted was
greater than each construct correlation coefficient,
indicating the scale's discriminant validity [34]. Finally,
correlation coefficient values ranged from 0.189 to 0.677,
indicating no multi-collinearity [36].

4.2. Structural Equation Model Analysis

AMOS 23 was utilised to assess the influence of various
factors on MoMo adoption, including effort expectancy,
performance expectancy, price, facilitating conditions,
social influence, hedonic motivation, perceived credibility,
and perceived convenience. The fitness of the model was
deemed satisfactory, as evidenced by the CMIN/D value of
2.023 being less than 3 and the NFI, CFl, and TLI fit
indexes exceeding 0.900, while the RMSEA value of 0.058
was less than 0.08 [34,35,36]. According to Table 6, the
results indicate that various factors significantly impact the
adoption of MoMo. Notably, effort expectancy (H1)
(B=0.114), performance expectancy (H2) (p=0.084), price
(H3) (p=0.129), facilitating conditions (H4) (B=0.114),
social influence (H5) (=0.176), perceived credibility (H7)
(B=0.159), and perceived convenience (H8) (p=0.254)
were all found to have a significant influence on MoMo
adoption, with hypotheses H1, H2, H3, H4, H5, H7, and
H8 supported (p<0.05). However, the study did not find
support for the influence of hedonic motivation (H6)
(B=0.012) on MoMo adoption (p>0.05). Additionally, the
R2 value of MoMo adoption was found to be 0.83, which
indicates that the study model explains a substantial 83%
of the variations in MoMo adoption in Uganda.

Table 3. Correlation and descriptive statistics

STD Mean EE PE PX FC Sl HM PC PCO MMA
EE 3.740 1.286 .902
PE 3.952 1.074 .295™ .855
PX 3.745 1.279 435" .359™ 916
FC 3.685 1.299 4497 276" 468 .901
Sl 3.716 1.296 438™ .351™ 4627 332" 911
HM 3.384 1.407 229" 281" 207 220" 2427 915
PC 3.887 1.231 459" 378 409 490™ 3347 .189™ .907
PCO 3.949 1.140 .508™ .378™ 418™ 440™ 429™ .301™ 507" .883
MMA 4.120 1.009 .620™ 4757 .600™ .584™ .604™ .306™ 616™ 677" .861

**Correlation is significant at 0.01 level (2 tailored)
The bold values represent the square root of AVE
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Table 4. Factor Loadings

EE PE PX FC Sl HM PC PCO MMA

EE1 .909

EE2 .897

EE3 .899

EE4 .904

PE1 .828

PE2 .818

PE3 .887

PE4 .884

P1 .903

P2 922

P3 .923

FC1 913

FC2 .894

FC3 .897

Si1 919

SI2 .882

S13 931

HM1 931

HM2 .901

HM3 910

PC1 .894

pPC2 .901

PC3 925

pPCO1 .908

PCO2 .860

PCO3 .879

MMA1 .869
MMA2 .849
MMA3 .866

CMIN/DF=1.673, NFI=0.936 CF1=0.973, TLI=0.967, RMSEA=0.047

Table 5. Cronbach’s alpha, composite reliability, and average variance extracted scores

Cronbach’s Alpha Composite Reliability Average Variance Extracted SQR of Average Variance Extracted

EE .946 .946 .814 .902
PE 915 916 731 .855
PX .939 .940 .839 .916
FC 929 929 812 .901
Sl .936 .900 .830 911
HM .939 .900 .838 915
PC .932 .900 .822 .907
PCO 912 .900 779 .883

MMA .896 .900 742 .861
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Table 6. Construct path results

Estimates SE CR Remark
EE----->MMA 114 .034 3.315 Supported
PE---->MMA .084 .037 2.245 Supported
PX---->MMA 129 .036 3.592 Supported
FC---->MMA 114 .035 3.300 Supported
Sl---->MMA 176 .033 5.394 Supported
HM---->MMA .012 .026 451 Not supported
PC---->MMA 159 .039 4.048 Supported
PCO---->MMA .254 .046 5.582 Supported

CMIN/DF=2.023, NFI=0.921 CFI=0.958, TLI=0.950, RMSEA=0.058

5. Discussion

MoMo has played a crucial role in revolutionising
Uganda's financial system. Over the last three years,
MoMo transactions have surged from 352 million to 500
million, with a corresponding increase in value from 10
billion to 18 billion. Additionally, the number of registered
users has grown from 30 million to 42 million, and the
number of agents has risen from 263,698 to 626,662. These
figures demonstrate the rapid expansion of the MoMo
market in Uganda. This study explored the factors that
influence MoMo adoption in Uganda, using a modified
UTAUT2 model.

The findings in Table 5 suggest that the uptake of MoMo
was significantly influenced by effort expectation. This
conclusion is in line with prior research [21,22,23]. As with
any developing economy, the people of Uganda are
attracted to technological advancements that simplify and
expedite tasks, allowing them to dedicate more time to
fulfilling other obligations. Furthermore, the results of
performance expectancy indicated a positive impact on
MoMo adoption, consistent with earlier studies [21,22] It is
generally believed that exposure to technology leads to an
immediate increase in output, and the introduction of
MoMo is expected to enhance the quality and quantity of
financial system activities. Finally, the study found that
price impacts the adoption of MoMo.

Previous studies [2,20,22] have found similar results to
our current research. It is apparent that Ugandans are
interested in utilising MoMo, but only if the benefits
outweigh the costs. Providing incentives such as bonuses
and discounts can entice customers to use the service.
Additionally, facilitating conditions significantly impact
MoMo adoption, which aligns with previous research
[19,23]. If the infrastructure is reliable, customers can
receive uninterrupted services and have a positive
experience with the technology. Mobile phone
accessibility, 24/7 toll-free, and agent systems are crucial
for MoMo adoption.

Additionally, social influence significantly impacts
MoMo adoption. This is consistent with previous studies
[2,9,19]. In Uganda, individuals rely heavily on social

networks such as family, coworkers, and former college
mates for financial advice and recommendations. Social
circles impact financial choices and opinions toward a
particular product or service. On a similar note, perceived
credibility impacts MoMo adoption. This aligns with
earlier studies [2,10]. Given the limited financial
knowledge and skills in this low-income country,
individuals prefer reliable technology, without risks
associated with financial transactions. As a result,
customers favour technologies that are perceived as
trustworthy and credible.

Moreover, the study revealed that perceived
convenience significantly impacts MoMo adoption in
Uganda. This aligns with previous research [29,30]. Users
can easily access and conduct transactions with MoMo,
and the likelihood of adoption increases. On the other hand,
the study found hedonic motivation had no significant
impact on MoMo adoption, which is in line with the
findings of Hanif et al. [19]. This may suggest that people
primarily use MoMo for transactional purposes rather than
for the enjoyment it provides. Additionally, some
individuals may use MoMo agents, limiting their ability to
derive pleasure from the experience. It's worth noting that
joy is subjective and varies among individuals, making it
difficult to measure hedonic values.

Conversely, the findings indicated that hedonic
motivation had an insignificant effect on MoMo adoption.
This result is consistent with Handoko [28] who found that
hedonic motivation did not affect entrepreneurship
students’ intention to adopt technology. Additionally,
Hassan et al. [2] did not consider the role of hedonic
motivation in their extension of the UTAUTZ2, arguing that
developing countries are more concerned with tangible
technological benefits like transaction performance than
joy and pleasure. Also, the limited understanding of
modern technology [40,41] in developing countries makes
it hard to measure happiness.

5.1. Theoretical Contribution

Technology adoption transforms economies
[7,11,37,38,39,40,41,42,43]. The UTAUT2 model was
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adapted to incorporate perceived convenience and
perceived credibility. Previous research indicated that
these two factors were strong predictors of technology
adoption. Against such a backdrop, the study provides a
deeper understanding of key factors for studying MoMo in
East Africa, such as perceived convenience, perceived
credibility, price, performance expectancy, effort
expectancy, facilitating conditions, and social influence.
These factors can be applied to other fields, including
mobile banking, digital insurance, and digital marketing,
for a more diverse understanding. Additionally, central
banks can rely on this study to develop MoMo
customer-tailored regulations and strategies that target
marginalised communities for inclusive finance. This
makes a valuable contribution to the literature for central
banks' future studies and could serve as a foundation for
research partnerships between central banks, telecom firms,
and commercial banks involved in the MoMo business.

5.2. Practical Contribution

Provision of customised mobile applications that require
less effort from customers in developing countries like
Uganda who have limited understanding of advanced
technology. Telecom providers should create short and
easy-to-understand applications to help customers use less
effort in transaction performance and resolution
management in case of any transaction failure.

Additionally, regular system maintenance should be
conducted by telecom companies to ensure uninterrupted
mobile money performance. Also, educating customers on
mobile money performance would improve customers’
performance expectancy. Customers with information on
mobile money performance will demonstrate a better
understanding of mobile money applications.

Furthermore, promoting group saving schemes with
mobile money may encourage more people to adopt and
use it. This can transform large rural communities from
informal financial systems, for example, offering discounts
on transaction costs for group savings may motivate social
networks to adopt mobile money.

Moreover, telecom networks should promote value for
money for transparency and commitment to community
transformation. Pricing strategies should be equitable, to
ensure company continuity and customer satisfaction. This
would provide confidence in customers and motivate them
to adopt mobile money in Uganda.

Government agencies like the Uganda Communication
Commission (UCC) should advertise credible telecom to
customers. Also, UCC should conduct a thorough
evaluation before licensing any company as a telecom firm.
This will address the liquidation problem. Noticeably, the
terms and conditions should be simplified in local
languages in written and oral form.

Finally, telecom companies and financial institutions
should support mobile money agents with liquidity to serve
rural communities. This convenience will encourage the

unserved and underbanked to adopt mobile money. Access
and possession of money anytime and anywhere may
promote mobile money adoption among the population in
Uganda.

5.3. Limitations and Areas for Future Research

Although this study uses a modified UTAUT2 and
provides a deeper examination of the factors influencing
customers' adoption of MoMo, the study's sample size of
302 is quite small. Thus, greater sample sizes may be used
in future research. Future research may modify UTAUT2
with other variables like utilitarian value and perceived
trust in addition to or instead of perceived convenience and
credibility variables used in this study. Similarly, models,
like the stimulus-organism-response can be adapted, and
demographic profiles can be employed as moderating
factors and may be used to examine MoMo adoption. This
was a cross-sectional study yet MoMo technology and
customer experience are changing over time. Thus, a
longitudinal study can be conducted to address that.
Moreover, a comparative study could be ideal across the
Sub-Saharan region. Nonetheless, this study significantly
contributes to the factors influencing MoMo adoption in a
developing country.
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