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Abstract This research studies the relation between
unemployment and vacancies for Chile between
1994I-2012IV with a special focus on the stages of global
crises. Looking at the data, we observed that consequently
to the Asian financial crisis, Chile showed an outward shift
from the Beveridge Curve which indicates an efficiency
loss in the matching process between labor supply and
demand. On the other hand, the curve moved inwards as a
result of the sub-prime crisis, a proof that supports an
improvement in the matching process. We examine a series
of factors previously used in the literature with the aim to
decompose the changes in the unemployment rate and
distinguish the factors that explained the changes in the
efficiency of the matching process during both crises. The
results, point out that the composition of the labor force and
the real wage level were the main variables that explained
the efficiency changes.
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1. Introduction
The Beveridge Curve has been widely used to describe
the state of labor market and distinguish structural and
cyclical changes. Blanchard and Diamond [5] argued that
the usefulness of the Beveridge Curve had been understated
by the macroeconomists. However, due to high and
persistent levels of unemployment in Europe during the
80’s, the interest for studying this tool gave rise to new
empirical studies in order to estimate the labor matching
function (Blanchard and Diamond [5]; Bleakley and Fuhrer
[6]; Petrongolo and Pissarides [24]). Similarly, several
studies were developed with the aim of analysing the
stability of the Beveridge Curve and the reasons for its

changes (Borsch-Supan [10]; Wall and Zoega [29]; Valletta
[28]).
The study of the Beveridge Curve and the evolution of the
unemployment have acquired greater relevance during the
times of crises. The evidence has indicated that in the initial
stage of an economic downturn, the vacancies fall
dramatically while the unemployment rate increases
(Hobijn and Sahin [19]). Subsequently, in the recovery
stage, the vacancies gradually return to an expansion path,
but the unemployment level has tended to remain higher,
which points out an outward shift from the Beveridge Curve.
Thus, the changes in the curve became very interesting
during crisis periods, because they could suggest the
existence
of
structural
changes
in
the
unemployment-vacancies relation, and therefore, in the
labor market as a whole.
Even though the important increase of unemployment
caused by crisis episodes has been attributed to cyclical
factors (Kugler [21]), the disparities between the labor
supply and demand have become more relevant in
comparison to the pre-crisis years. In particular, this kind of
friction implies the existence of an unemployment level
that is cyclical and contains an important structural
component that could affect the short-term stabilization
policies such as the monetary policy, which could trigger
inflation combined with high levels of unemployment. As a
consequence, the ability to discriminate if an increase in the
unemployment rates is caused by cyclical factors as
scarcity of labor demand or if it is caused by labor supply
factors such as a disparity between the offered attributes
and those which are required by employers is vital for the
effectiveness of economic policies (Bonthuis et al. [7]).
Due to the last financial crisis, the interest for studying
the Beveridge Curve dynamics to determine which factors
influence its behavior has increased. However, literature
has only focused on developed markets such as the United
States (Hobijn and Sahin [19]) and the Euro area (Bonthuis
et al. [8]; Sell and Reinisch [26]; Bonthuis et al. [7]).
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Figure 1. Evolution of Unemployment and Vacancy Index between 1994 and 2012

Chile was not immune to the impact of the global crises
in the deterioration of its labor market and in the Asian and
the sub-prime crises unemployment and vacancy rate varied
considerably (see Figure 1). Specifically, in both crises the
unemployment reached levels over 10%, whereas the
vacancies dropped significantly. However, there were
some differences. In the recovery stage after the Asian
crisis, although vacancies showed an improvement, the
unemployment kept higher than those levels that Chile
showed in the years before this episode, which suggests a
structural change in the labor market. On the other hand, in
the aftermaths of the sub-prime crisis, the unemployment did
not only reverse its upward trend in the end of 2009, but
also kept decreasing in the following years, which could be
a sign of an improvement in the labor matching.
This paper studies the Beveridge Curve of Chile from
1994 to 2012 putting a particular focus on the development
of the curve between the crisis periods. Firstly, the periods
of change in the Beveridge Curve are identified through
visual inspection to know its magnitude and direction.
Then, a model is constructed with the aim to measure the
shifts of Beveridge Curve and identify the main factors that
explain them. Finally, the econometric results support the
visual inspection analysis and show that the young and
female labor participation as well as the real wages had a
significant incidence in the movements of the Beveridge
Curve.

2. Theoretical Framework
Beveridge [4] identified the negative relation between
unemployment and job vacancies. His goal was to
determine how far the economy of the United Kingdom
was from a full employment situation. Even though with its
use was not possible to explain the full dynamics of the
labor market, the Beveridge Curve was established as a

tool to summarize the state of the labor market and explain
the adjustment process to different shocks.
The starting point to derive the Beveridge Curve is the
matching function. Based on Pissarides [24] this function
determines the number of recruitments in a period of time
given the number of workers that seek employment and the
companies that require workforce. The intuition of the
matching function is that increases in the number of
employers seeking for workers or in the number of workers
seeking for jobs should increase the amount of recruitments.
However, the labor market presents various sources of
heterogeneity, data imperfections and other frictions that
could alter the number of recruitment, for example, when a
vacancy is not filled due to unawareness of its existence or
specific requirements of the company. Thus, in the stationary
state the unemployment is produced because job relations
finish before the unemployed seek for a new job.
2.1. Beveridge Curve: Formal Model (Pissarides [24])
Let U and V the number of unemployed and vacancies in
the economy. Then, the number of recruitments C will be
the result of the matching function of m: U x V → R+ such

that 𝐶 = 𝑀(𝑢𝑢, 𝑣) where:
𝜕𝜕𝜕𝜕(𝑈𝑈,𝑉𝑉)

> 0 : higher the number of people
𝜕𝜕𝜕𝜕
searching for a job, higher the number of
applications.
𝜕𝜕𝜕𝜕(𝑈𝑈,𝑉𝑉)

> 0: if there are more offers, it would
𝜕𝜕𝜕𝜕
be easier to find vacancies to apply for.

Supposing constant returns to scale in m, the number of
recruitments would vary in proportion to the number of
𝐶

𝑀(𝑈,𝑉)

→ 𝑐 = 𝑚(𝑢𝑢, 𝑣),
vacancies and unemployed. Thus: =
𝐿
𝐿
where 𝐿 represents the workforce. Assuming continuous
time, let η the probability of being fired which follows a
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Poisson process. Then, the dynamic of the unemployment
rate is given by the following equation where
unemployment rate increases if the dismissal rate is higher
than the hiring rate.
𝑢𝑢̇ = 𝜂(1 − 𝑢𝑢) − 𝑚(𝑢𝑢, 𝑣)

The steady state condition for unemployment rate
corresponds to the Beveridge Curve and shows the
long-term relation between the vacancy and unemployment
rates. This relation depends on the probability of being
fired η and the recruitments rate c.
𝑢𝑢∗ =

1
[𝜂 − 𝑚(𝑢𝑢∗ , 𝑣 ∗ )]
𝜂

Differentiating the unemployment rate with respect to
the vacancies, we obtain that the first derivative is negative
while the second is positive. Thus, the Beveridge Curve has
a negative trend and it is convex to its origin. The
movements along the curve occur within the economic
cycle. The vacancies usually follow the movement of the
economic cycle, because in a boom period the companies
tend to demand more workers while during a recession tend
to reduce them. The opposite holds with unemployment, it
decreases during the boom and increases during the
recession. Instead, movements of the Beveridge Curve
represent improvements or deteriorations in the matching
function of the labor market caused by changes in the
frictional unemployment due to structural factors. In
particular, literature has determined that certain variables
such as workforce composition, structural factors,
long-term unemployment and reallocation of the
employment between economic sectors are the main
factors that produce movements in the Beveridge Curve
(Bouvet [11]).
Thus, the position of the curve is a measure of the
efficiency in the process of labor market adjustment: when
the curve is more distant to its origin, for each level of
unemployment there is a larger amount of vacancies so the
reallocation of labor is less efficient. On the contrary, if the
curve is closer to its origin, for each level of unemployment
there is a lower amount of vacancies so the matching
function is more effective.
The evidence related to the last financial crisis, has
shown how negative shocks in aggregate demand has
caused impairments in the matching function. Diamond and
Sahin [15] using data of the United States between years
1950-2014 show that episodes of matching impairment
coincide with episodes of economic recession. Moreover,
the authors show that deterioration in the matching function
could generate long-term unemployment because certain
vacancies are not filled systematically.
2.2. Empirical Framework
During the sub-prime crisis, the exports became the main
channel for negative shocks in the domestic labor markets.
The international trade dropped 19.3% in the first quarter of

2009, adding pressure on the product and the employment,
which started to show signs of recovery during the second
half of 2009. Additionally, product exports dropped more
than service exports but were less relevant on labor
efficiency because decreases in services are directly related
with job destruction (Borchert y Mattoo [9]).
Gamberoni et al. [16] show that, on average, the impact
over the employment of a domestic debt crisis tends to be
more than two times the impact of a global crisis. However,
economic shocks could interact with domestic shocks and
amplify the negative impact on the employment level
because exporting firms are more sensitive to external
financial conditions which tend to become more stringent
in recession periods. In this respect, Barnichon and Figura
[1] using data from different economic sectors in the United
States, identify that the movements of the curve are caused by
the diminution of recruitments in the export and
construction sectors.
Among the structural factors which could produce
movements of Beveridge Curve, real wage has been highly
investigated. In particular, the impact of real wage on
Beveridge Curve is ambiguous because it depends on the
elasticity of labor supply and labor demand. From the
perspective of labor supply, higher real wages tend to
encourage unemployed to accept jobs easily. Instead, from
the perspective of the labor demand, higher real wages tend
to cause a reluctant disposition from the employer to recruit
workers.
Mehrotra and Sergeyev [20] show that a productivity
shock in some economic sectors followed by increases on
wages trigger a redistribution of labor among sectors which
produce an outward movement in the Beveridge Curve. De
Francesco [14] estimates a Beveridge Curve for Australia
adding real wage and long-term unemployment. The author
concludes that increases in these variables enfeeble the
adjustment in the labor market, causing an outward
movement in the Beveridge Curve. Groenewold [17] uses
cointegration techniques to model the long-term relation
between unemployment and vacancies. Through an
extended curve, where the real wage is the most significant
variable, he obtained similar results to De Francesco [14].
Saglam and Gunalp [25] using a time-series analysis of
unemployment, vacancies, real wage and labor
productivity, find a cointegration relation that allows to
conclude that the real wage has a positive and significant
impact on the unemployment.
The composition of the workforce also could play an
important role in the labor market. During crisis episodes,
shocks have affected mainly male-dominated sectors
whereas the public sector - where women have a larger
representation level - has tended to suffer fewer drawbacks.
In this regard, evidence shows that the labor matching
function in economies with higher female participation are
more protected against shocks because these economies
have better capacities of keeping consumption shocks to the
minimal.
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Bonthuis et al. [8], through an ARDL model, analyze the
Beveridge Curve in the Euro-zone for the last 25 years,
finding outward movements due to the sub-prime crisis. They
conclude that higher labor participation in the construction
sector and the difference of skills are important
determinants in the deterioration of the matching. However,
the authors also find that a high female participation in the
workforce mitigate this effect. Similarly, Bonthuis et al. [7]
indicate that countries with higher proportion of young
people in their workforce are significantly less exposed to a
deterioration of the matching function. In particular, even
though young workers are more susceptible to economic
crises, a younger workforce reduces the probability of a
sectoral imbalance. This result supports the fact that
younger workers who have lost their jobs tend to remain
less time unemployed than an older ones (Barnichon and
Figura [1]). Moreover, this result is supported by the fact
that geographical and sectoral redistribution costs are lower
among younger workers (Barnichon and Figura [1]).
Finally, Bova et al. [12] motivated by the high persistence
of the unemployment level after the sub-prime crisis,
explain which are the factors and policies that have caused
movements of Beveridge Curve. Using data of 12 OECD
countries between 2001 and 2013, they identify that an older
workforce and a strict legislation of employment had a
negative impact in the matching function. Conversely, more
female participation in the labor market in conjunction with
a younger workforce as well as higher level of education had
a positive impact.
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log(ut ) = α + β1 vt + β2 wt + β3 expsert +
+ β4 femt + β5 youngt + β6 oldt + β7 intt + εt
where w is real wage index, expser are the total exports
over the GDP, fem is the female participation in the
workforce, young is the participation of younger workers
(under the age of 25 years old) in the workforce and old is
the participation of older workers (55-64 years old) in the
workforce. All variables are expressed as logarithm. Given
the potential endogeneity of real wage and vacancies, least
squares are applied in two stages. Real wage is expressed as
a function of exchange terms and labor productivity. In the
case of vacancies, the variable is expressed as a function of
its lags.
A limitation of this specification is the possible
underestimation of vacancy index developed by the Central
Bank of Chile which is constructed using newspaper
advertisements. Mujica [22] points out that the emergence
of job portals on internet could bias this vacancy index at
the end of 2002. In consequence, we add the dummy
variable 𝑖𝑛𝑡 which takes the value 1 from 2002 and 0 in
the previous years.
The tests of endogeneity in the regression of two stages
enable the evaluation of the capacity of the instrumental
variables to provide consistent estimators. Therefore, once
the consistent estimator of unemployment is obtained in two
stages, it is possible to make an approximation of the
percentage variation of unemployment with ∆ln(u) ≈
∆u/u and find the contribution that each of the explanatory
variables had in the evolution of unemployment.
3.2. Data

3. Methodology and Data
3.1. Identification of Structural Changes
Based on methodology used by Bonthuis et al. [8] and
Bova et al. [12], we start with a visual inspection of the
trajectory followed by the relation between the vacancies and
unemployment. This analysis is complemented using the
approach of Bellani et al. [3] which uses the following
specification:
log(ut) = α + β1log(vt) + εt
where ut is the unemployment rate and vt is the vacancy
rate in period 𝑡.
Then, the Beveridge Curve is estimated to analyze its
behavior during the pre-crisis periods as well as during them.
The application of SQUARED CUSUM test to this
specification enables to detect the presence of possible
structural changes that the relation of unemployment and
vacancies could have. Subsequently, using the following
specification, the model is extended adding cyclical and
structural variables with the aim to determine which
variables have had an impact in the Chilean Beveridge
Curve during the economic crises:

The estimation is performed using quarterly data
between 1994 and 2012 due its availability but also in order
to avoid possible bias in the estimation because the
vacancy index had a considerable drop after 2012 which is
attributed to the massive appearance of internet job portals.
We used data of unemployment elaborated by the
Instituto Nacional de Estadísticas (INE). The vacancy index
is elaborated by the Central Bank of Chile. The real wage
index elaborated by the INE since 1993 is used as an
approach of real wages. The data related to female, younger
and older participation over the workforce is provided by
the ILO (International Labor Organization). The total
exports over the GDP are obtained from the data base of
the World Bank. Regarding the instrumental variables, we
defined average labor productivity as the total product over
the employment which was constructed using the data from
INE and the World Bank. The exchange terms of Chile are
available in the data base of the Central Bank of Chile.
Some data was only available in an annual frequency; in
those cases we use the Denton procedure. This process
produces a quarterly distribution of an annual variable using
another quarterly variable as a benchmark. Specifically, for
variables related to the composition of the workforce, the
unemployment is used as a benchmark.
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4. Empirical Analysis
4.1. Visual Analysis
As Bova et al. [12], in figures 2 and 3 we present the
evolution of the relation between unemployment and
vacancies in the pre and post periods of both crises. In the
first one, we can appreciate that for the period prior to the
Asian crisis; the curve was steady with movements along
itself which are attributed to cyclical factors. In the second
quarter of 1999, when the Asian crisis was reaching its peak
in Chile, the vacancies started to diminish and the
unemployment rose strongly. Conversely, after the Asian

crisis, the vacancies showed an improvement but the
unemployment did not decrease which suggests an outward
shift of the Beveridge Curve. This pattern continued until
the end of 2006 when an important increase in the vacancies
was produced, followed by a drop in the unemployment
which stayed below 8%.
Prior to the sub-prime crisis, vacancies contracted in a
strong way (2007I-2007II) and the unemployment started
to increase. However on the recovery process, the increase
in vacancies was followed by a drop in the unemployment
which could be a sign of an improvement in the matching
function.

Figure 2. Beveridge Curve Evolution 1994I-2001IV

Figure 3. Beveridge Curve Evolution 2001I-2012IV
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Beveridge Curve 1994I-2001IV; 2002I-2007III

Figure 5. Beveridge Curve 2002I-2007III; 2007IV-2012IV

The previous analysis is supported with the estimation of
the Beveridge Curve defined by Bellani et al. [3]. In figures
4 and 5 we present the estimation for periods 1994I-2001IV,
2002I-2007III, 2002I-2007III and 2007IV-2012IV.
Additionally, the analysis to evaluate the presence of
structural change throughout the SQUARED CUSUM
stability suggests the presence of structural changes during
the crisis periods which is also verified using the Chow test.
More details are in annexes 1 and 2. These preliminary
results support the main hypothesis of this research, which
suggests that during the period of the Asian crisis the labor

market efficiency weakened whereas improved during the
sub-prime crisis.
4.2. Extended Beveridge Curve
Beveridge Curve is extended adding real wage index (w),
total exports over the GDP (expser), female participation in
the workforce (fem), younger participation in the
workforce rate (young), older participation in the
workforce (old) and a dummy variable (int) that takes the
value of 1 from 2002. Given the potential endogeneity of
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real wage and vacancies, instrumental variables are used to
apply least squares in two stages using the following
specification:
log(ut ) = α +β1 v̂t + β2 ŵt + β3 expsert + β4 f emt +
+ β5 youngt + β6 oldt + β7 intt + εt
Due to high correlation with real wage, labor
productivity and exchange terms were selected as
instruments. Even though it is a necessary condition that
the instrument is correlated with the endogenous variable,
it is not sufficient to establish that the selected instruments
have corrected the endogeneity. Thus, in order to validate
the selection of these instrumental variables, tests are
applied to check endogeneity (Wu [30]; Hausman [18]) and
measure the quality of the instruments (Stock and Yogo
[27]). See annexes 5 and 6.
With the purpose of analyzing preliminary results from
the coefficient of the variables, Table 1 presents the results
of the regression using ordinaries least squares. Table 2
Table 1.

shows the results using least squares in two-stages. In this
regard, vacancies have negative and significant effect in
unemployment, which is near to -0.5%. Prior to analyze the
effect of the real wage, it is necessary to consider the forces
that determine its effect. In particular, the effect of the real
wage depends on the negotiation power of the employer
and the employee, as well as the drive that moves the
salaries which can be synthesized with the elasticity of the
labor supply and demand. Inasmuch as the elasticity of the
labor offer is relatively high, higher wage would tend to
cause a negative impact on unemployment. On the contrary,
if the elasticity of the labor demand is relatively high,
higher wage would tend to cause a positive impact on
unemployment. Therefore, our results support the existence
of an elasticity of labor supply higher than the elasticity of
labor demand. In particular, the estimated marginal effect of
real wage on unemployment is equal to -3.03% which is in
accordance with the findings of De Francesco [14].

Ordinary Least Squares (OLS)
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Table 2. Least Squares in two-stages

The coefficient of exports has a significant and positive
value of 0.621%. The literature supports a negative value
for this variable in those economies whose export sector is
considerable and labor intensive because a raise in the
participation of exports over the GDP generates a drop on
unemployment. Nonetheless, for an economy as Chile, with
a large export sector and capital intensive, a raise in the
participation of exports leads to a raise in the unemployment
due to a higher participation of the capital in that sector.
Regarding the workforce composition, the younger
workers participation is significant and negative in all the
regressions, with a magnitude of -2.096% in the last
column. This goes in line with the research of Bonthuis et al.
[8] which concluded that countries with higher proportion of
younger workers are less prone to suffer an outward shift of
the Beveridge Curve because this group tends to have more
facilities to search work in periods of economic recovery
after a crisis episode. On the other hand, older workers
participation is non-significant in our regressions.

The parameter of female participation over the workforce
has a negative and significant magnitude when the
regression does not include the younger workers
participation. If we suppose that during a crisis the most
affected sectors are the ones dominated by men, with more
female presence in the labor market, these effects can be
amortized through the consumption channel of families.
When younger workers participation is considered, the
female participation parameter changes its sign due the bias
of omitted variables caused in the regression of column (2).
In particular, given that the correlation between both
variables is positive and equals 0.41, the abbreviated
regression (without younger workers participation), skews
the parameter downwards. On the contrary, when this
variable is included, this bias of the omitted variable is
eliminated, increasing the value of the parameter to a
positive one. The same occurs with the estimation of the
younger workers effect without considering female
participation, the parameter is skewed upwards, dropping
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from -1.89% to -2.089%. Therefore, to interpret the
parameter of female participation, it is necessary to
consider the downward bias in the column (2). Thus, an
increase of female workforce composition makes the
unemployment increase, which could be in accordance
with the assumption that the most affected sectors during a
crisis are the ones with more female presence.
4.2.1. Decomposition of Changes on Unemployment
The first row of the Table 3 reports the average of
quarterly ∆ln(u) during pre and post crisis periods. Given
that this variable reflects the proportional change, the first
row refers to the average of quarterly variation of
unemployment. Second row represents the average change
predicted by the model. In row 3 we observe the quality of
model predictions which matches significantly with the
effective values for all periods except during
2000(I)-2003(IV) but in that period the dummy variable
started to be implemented.
The six following rows represent the predicted effect on
the unemployment caused by the behavior of the different
variables for each period of time. For the construction of
each one of these rows, we calculate the quarterly average
of the variation of the different variables for each period of
time and we weighted them by their estimators. The last row
represents the variation of the unemployment explained by
the model without considering the estimated effect of
vacancies. Thus, this row can be interpreted as an
approximation of Beveridge Curve movement during the
different periods.
Observing Table 3, it is possible to notice that during the
Asian crisis (1997-1999) the quarterly variation of
vacancies - which had an average growth rate of -5.2% boosted the unemployment by 2.7 percentage points (pp).
Considering the marginal impact caused by the rest of the

other variables, the joint effect on the unemployment rate
was 2.4 pp. Therefore, during this period, although there
was a movement along the Beveridge Curve which was
caused by the movement of vacancies, also there was an
outward movement. Specifically, the drop exhibited by the
younger workers participation in the labor market that
boosted unemployment in 1.7 pp, was particularly relevant
to explain this movement.
During 2004 and 2006, the growth rate of vacancies was
1.25% which impacted the unemployment growth rate on
-0.65 pp. Regarding the rest of the variables, the joint effect
attributed by the model was -2 pp, which suggests an
inward shift of the Beveridge Curve. The behavior of the
salaries was particularly significant; whose expansion of
0.91% had an impact of -2.76 pp on the unemployment
growth.
During the period of the sub-prime crisis (2007-2009) the
unemployment increased significantly in 3.37 pp which was
partially explained by the drop of vacancies of 6.5%.
Considering the rest of the variables, the net effect of the
vacancies was negative and equal to -0.62%, which is
attributable to an inward shift of Beveridge Curve. In this
regard, the behavior of the younger workers participation was
relevant and presented an average growth rate of 1.09% that
discouraged the unemployment growth by -2.29 pp.
After the sub-prime crisis, vacancies increased on
average 0.76% which, according to the model, decreased
the unemployment growth by 0.4 pp. considering the other
variables, their joint effect on the unemployment was
-2.65 pp which is attributed to an inward movement of
Beveridge Curve. According to the estimation, this shift is
mostly due to the behavior of salaries. Specifically, the
salary growth was 1.06% and discouraged the
unemployment growth by -3.23 pp.

Table 3. Breakdown of ∆(𝑢𝑢) – 2SLS
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An important fact which is worth highlighting is that
unemployment was mostly driven by a drop of the younger
workers participation during the Asian crisis, while it was
the main factor that discouraged it during the sub-prime
crisis. Thus, a possible conclusion is the importance of
promoting younger worker participation in the labor
market during the crisis periods that are similar to the ones
shown in this research.
In summary, the evidence supports that during the Asian
crisis, the market lost efficiency while during the
sub-prime crisis increased it. Even though we presented the
main variables that have explained the movements of the
Beveridge Curve we do not determine the channels of
transmission. Therefore, it is precise to highlight the
contexts in which both crises unfolded. In this regard, a
relevant factor is the fact that during the sub-prime crisis
the Internet was already in use as a frequent way of job
seeking, which was captured by the model using the
dummy variable whose estimator shows that the
unemployment was affected negatively by this fact.
It is documented, that in periods of high unemployment,
expansive monetary policies decrease unemployment
through the reduction of the financial restrictions on the
labor markets (Benito [2]). Thus, under a scenario of high
unemployment the application of expansive policies could
improve the matching function, which constitutes a
possible source of efficiency gain. In this regard, the
monetary policy that the Central Bank of Chile applied
during the Asian crisis increased the nominal interest rate
from 9% to 19% but in the case of the sub-prime crisis, the
Central Bank of Chile had a proactive reaction and the
interest rate reached minimum levels that promoted
consumption, investment and employment. Moreover,
during the sub-prime crisis, non-conventional monetary
policy was applied in order to guarantee that the interest
rate would keep low during a long time as well as the
liquidity of financial system would improve.
Regarding the fiscal policy, this was expansive for both
crises, but significantly more during the sub-prime crisis
(Corbo and Schmidt-Hebbel [13]) when the Government of
Chile compromised resources for US$4.000 million
equivalent to 2.8% of the GDP.

5. Conclusions
In Chile the consequences on the labor market caused by
the global crises have been different due to the conditions
that were presented and the policies implemented by
authorities. During the recovery period of the Asian and the
sub-prime crises there was a big difference on the
unemployment trajectory. After the Asian crisis, the
unemployment kept high while after the sub-prime crisis this
variable decreased quickly.
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To assess the performance of an economy during crises it
is necessary to distinguish the unemployment generated by
cyclical and the one generated by structural factors. When
unemployment is cyclical and it is caused by the lack of
jobs, the recovery on the economy will tend to decrease the
unemployment. On the other side, if there is a structural
imbalance between vacancies and labor supply, it is
unlikely that the economic recovery will decrease
unemployment.
Under this premise, this paper shows that Beveridge
Curve for Chile presented a significant outward shift due to
the Asian crisis indicating a marked imbalance on the labor
market. On the contrary, there was an inward shift of the
curve during the sub-prime crisis. Then, more variables
were added in order to isolate the structural variables that
could produce these movements.
The results suggest that the workforce composition and
the level of wages were the main factors that explain the
difference of unemployment trajectory between the crises.
With the aim to detect the channel of transmission that
could explain these movements, a variable was used from
2002 in order to control the use of internet as a platform for
job seekers and isolate the effect of improvements of
technology on the matching functions. The results detected
this factor as a possible source to explain differences in the
labor market efficiency between the crises.
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Annexes
Annex 1: Visual Analysis Regression
Dependent Variable: log (unemployment)
Method: MCO (Gauss-Newton / Marquardt steps)
Sample: 1994.I-2001.IV
Observations: 32
Table 4. 1994.I-2001.IV
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Dependent Variable: log (unemployment)
Method: MCO (Gauss-Newton / Marquardt steps)
Sample: 2002.I-2007.III
Observations: 23
Table 5.

Dependent Variable: log (unemployment)
Method: MCO (Gauss-Newton / Marquardt steps)
Sample: 2007.IV-2012.IV
Observations: 21
Table 6.

2002.I-2007.III

Annex 2: Squared CUSUM

Figure 6.

Squared CUSUM

2007.IV-2012.IV
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Table 7. Chow test

Annex 6: Instrument Weakness Test
Table 11. Wu-Hausman test for endogeneity 2SLS

Annex 3: Correlations Table
Table 8. Correlations table

Annex 7: White Noise Analysis

Annex 4: Real Salary Index Regression
Table 9. 2007.IV-2012.IV

Figure 7. Regression Correlogram Vacancies-Unemployment

Annex 5: Wu-Hausman Test for Endogeneity 2SLS
Table 10. Wu-Hausman test for endogeneity 2SLS

Figure 8. Correlogram 2SLS
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Annex 8: Graphical Evolution of Data Series

Figure 9. Graphical Evolution of Data Series

[5] Blanchard, O.J. and Diamond, P. (1989). The Beveridge
Curve. Brooking Papers on Economic Activity, No 1, 1-76
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